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Abstract—Individuals’
interactions
with
connected
autonomous vehicles (CAVs) involve sharing various data
in a ubiquitous manner, raising novel challenges for privacy.
The human factors of privacy must first be understood to
promote consumers’ acceptance of CAVs. To inform the
privacy research in the context of CAVs, we discuss how the
emerging technologies development of CAV poses new privacy
challenges for drivers and passengers. We argue that the privacy
design of CAVs should adopt a user-centered approach, which
integrates human factors into the development and deployment
of privacy-enhancing technologies, such as differential privacy.

I. I NTRODUCTION
While the data collection and analysis capabilities of connected autonomous vehicles (CAVs) are under rapid development, drivers’ and other occupants’ disclosure behaviors must
first be investigated to improve the acceptance and facilitate
the development of CAVs [59]. The massive amounts of
heterogeneous data (e.g., driving and vehicle data, trip data,
and drivers’ and passengers’ personal information) collected
and used by the CAVs raise novel challenges for users’
adequate privacy awareness and informed privacy decisions.
People regulate their privacy through dynamic processes
of awareness, decision making, and action selection [4]. Privacy concerns refer to people’s privacy-related attitudes [34],
which are shaped by users’ awareness of privacy-relevant
information [53], [56]. Nevertheless, people are typically illinformed of the nature and purpose of data collection, as
well as the associated costs, benefits, and risks [8]. Moreover,
privacy concerns are usually measured in the contexts of
disclosure requests instead of how the data are being used
(e.g., surveillance and digital tracking). Privacy awareness is
a prerequisite to making informed decisions. Yet, increased
privacy awareness does not necessarily ensure more conservative privacy decisions [3], [46].
Individuals’ online disclosure choices are contextdependent [38] and contingent on their mental capacity [58].
Prior literature has shown that people’s privacy decisionmaking is affected and sometimes impaired by biased human
information processing [1], [2], [58]. Previous studies have
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also revealed a gap between individuals’ stated disclosure
intentions and actual data-sharing behaviors [8], [23], [40],
called the privacy paradox.
While considerable studies have been conducted to address
the privacy of CAVs from the technical perspective [17], [24],
[44], few studies investigated the privacy issues from the
human factors’ perspective [9], [11]. Similar to other wellstudied systems such as mobile phones or the Internet of
Things (IoT), those prior works have mainly shown that users’
have privacy concerns about data sharing [11] and use [9] of
CAVs. However, the uniqueness of the CAV privacy has not
been systematically evaluated from the users’ perspective.
In this preliminary work, we seek to understand the human
factors in the privacy of CAVs. We review factors that affect
different privacy-related behaviors (e.g., privacy awareness,
privacy decision-making, and privacy action selection) and
discuss novel challenges imposed by the unique CAVs contexts. We then discuss the role of human factors in deploying
privacy-enhancing technologies (e.g., differential privacy) in
the CAV contexts.
II. P RIVACY C ONTEXTS FOR CAV S
An investigation on the potential interactions between privacy and CAVs is very challenging since CAVs are under
development [51] and the concept of privacy is complex
and difficult to define [39]. The operation of CAVs relies
on their sensors’ data. Recently, for better road operation
and safety, intelligent traffic system (ITS) has been proposed,
which will provide transport networks, operations, and services
for CAVs [31], [42]. Meanwhile, Vehicle-to-Everything (V2X)
communication has also been proposed, in which information
from on-board sensors and other sources travels via highbandwidth wireless links, such as communication with other
vehicles (V2V) and with the road infrastructure (V2I) [18].
Instead of ascribing privacy as fixed and static, the subjective importance of privacy can change over time, across
contexts, and as a result of external factors [38]. Considering
the difficulty of managing who collects what kinds of data in
the ubiquitous data collection along with driving, we focus
on the question of how the data are being used, that is, in
which context and for which purpose, for the privacy of CAVs.
Generally, ITS applications can be separated into the four
categories: 1) autonomous driving, 2) road safety, 3) traffic
management, and 4) infotainment and comfort [17].

a) Autonomous Driving: Self-driving applications
mainly rely on sensors inside and outside the vehicles (e.g.,
LiDAR and RADAR) to achieve automobile recognition
as well as other driving functions. For example, ultrasonic
sensors are used to detect obstructions (e.g., humans or
animals) for automatic braking.
b) Road Safety: V2X communication is the main application used to enhance road safety (i.e., the safety of drivers,
passengers, and people on the road), including V2V (vehicle
to vehicle), V2I (vehicle to infrastructure) and V2P (vehicle to
pedestrians). Besides vehicle speed control, accidents, alerts,
and emergencies on the road (e.g., collision warning) can be
communicated through enabling the communication of signals
and messages of all interconnected entities in ITS.
c) Traffic Management: Data collection and use in the
traffic management applications are to provide detailed information concerning cars, drivers, and status on the roads, which
are expected to enhance traffic flow control and synchronization and provide drivers with cooperative traffic services.
For example, these applications will collect and analyze the
messages exchanged by ITS entities and communicate to
CAV users of existing congested zones. Traffic data (e.g., a
pedestrian is crossing the road) can also be obtained by the
deployed roadside units (RSUs) and the road sensors to prevent
accidents from occurring.
d) Infotainment and Comfort: Data collection and use
in these applications aim to enhance user experience in the
driving cockpit through services that meet their needs. For
example, connectivity to the Internet is expected to be offered
to provide access to services, such as online music and videos.
Such applications are close to the applications in most mobile
devices, which also include weather services, navigation, and
entertainment.
How the data are being used in CAVs can be presented in
more granular levels (e.g., entities such as RSUs and onboard
units within ITS). Yet, the above coarse-level categorization is
useful to help us identify major, novel challenges, which we
discuss in the next section.

information but at some cost (i.e., privacy utility tradeoff),
people often choose immediate, smaller gains over delayed,
larger gains (i.e., delay discounting) [28], [29], resulting in
more willingness to share information under the disclosure
request.
Compared to the general online environment, individuals
have novel motives to share personal information in different
CAV contexts. Specifically, driving safety could become individuals’ primary motives for data disclosure (e.g., concerns
about fatal CAV accidents due to not sharing some data).
While the safety issues might be distal, people probably
choose to share the data anyway due to the severe consequences of not sharing. Therefore, the existing privacy-utility
tradeoff becomes privacy-utility and privacy-safety tradeoffs
in the CAV contexts (Fig 1), which could make drivers and
passengers become the even weaker link in the CAV data
privacy defenses.

Fig. 1: Besides privacy-utility tradeoff, there is an extra
privacy-safety tradeoff when users make disclosure decisions
in various CAV contexts.
b) Privacy Awareness: Privacy awareness refers to people’s attention and perception of possible risks throughout the
interaction with an application or service that can gather and
process personal data or information [46]. Individuals perceive (i.e., represent and understand) the environment through
organizing, identifying, and interpreting sensory information
(e.g., visual and auditory) [26]. Besides passively receiving
information from the environment, human perception is often
shaped by individuals’ memory and expectations [27]. For
example, people tend to pay more attention to information
that is consistent with their prior knowledge or meets their
expectations, resulting in disregarding some information (i.e.,
incomplete information) in decision making [10].
Online service providers generally adopt privacy policies
to notify users of their data collection, dissemination, and
use practices [45]. Nevertheless, those privacy policies are
typically long [36] and not accessible to everyday users [22].
Online users rarely take time to read and understand the
service providers’ policies [6], [48]. Consequently, their awareness and comprehension of privacy-related information (e.g.,
diverse ways of collecting and processing online personal
information) is likely to be low [49], resulting in information
asymmetry between users and services providers [33].

III. H UMAN FACTORS IN THE P RIVACY OF CAV S
Using the human information-processing approach [61], we
characterize that individuals process privacy via stages of
privacy motivation, privacy awareness, privacy decisions, and
privacy actions. For each stage, we first introduce human
factors that have been identified influencing the privacy in the
general online environment [50], [57]. We then discuss the
uniqueness of each stage in the CAV contexts.
a) Privacy Motivation: Individuals are motivated to
share information online by various goals, such as economic
benefits [30], psychological benefits and social benefits [12].
While the effects of those disclosure decisions (e.g., lower
price, psychological pleasure, and social engagements) are
typically immediate or in a relatively short term, possible
information leakage or privacy risks are typically delayed or
occur in the future. When comparing benefits in exchange
for personal information and protection of their personal
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V2X communication consists of information from on-board
sensors and other sources traveling via high-bandwidth wireless links. V2X encompasses communication in three primary
domains (i.e., V2V, V2I, and V2P). Numerous online services
and data exchanges within each domain can have their own
privacy policies. If adopting the implementation of current
privacy policy, the information asymmetry of CAV users could
be even more severe in the future.
Moreover, most communication of privacy to users is deployed using visual stimuli [52]. Since drivers’ and passengers’ visual attention is typically given to driving-related
objects, auditory stimuli such as seat belt buckle alarms have
been implemented to increase drivers’ and passengers’ awareness. Therefore, other modalities (e.g., auditory or tactile)
signaling potential risks of data exchange inside or outside
the driving cockpit might be expected by CAV users.
c) Privacy Decisions and Actions: Even if individuals
can attend to all available information, their ability to translate
the information into informed decisions is limited by bounded
rationality [55]. In other words, individuals deviate the choices
they make from the optimal choices assumed rational, revealing systematic biases. The privacy literature has identified
various cognitive factors that affect and sometimes impede
privacy decision-making [1]. We discuss heuristic decisionmaking that is closely relevant to the CAV contexts.
Given the information overloading and consequently incomplete information processing, individuals’ privacy decisionmaking relies on the information first available to them (i.e.,
anchoring [14]), the information in the default privacy settings [7], how the information is framed (i.e., positively or
negatively [15], [16], [47]), or the decisions of peers [13].
Even if individuals are not influenced by any of the above
factors, the “dark” design intention that leverages human
information-processing limitations [35], can also make the
informed privacy decision-making becomes difficult.
Notice and consent have been implemented as the primary instrument for privacy decision-making and action selection [19], [52]. Recently, due to the GDPR, consent with
more granular levels has been available for individuals to select
with more options [41]. Nevertheless, providing more options
may create a sense of control in data sharing, resulting in
more data disclosure [2]. Online users can be overwhelmed
by the number of choices that they have to select [43]. The
proliferation of choice [54] reveals that more choices on
disclosure decisions are not always better in a privacy context.
In the age of CAVs, notice and consent alone will be inadequate to protect individuals’ privacy. As we have discussed
above, the massive data exchange will feature privacy policies
involving numerous parties, which raises unique challenges of
effectively informing users of the frequently changing policies.
Given the safety-sensitive nature of driving, any decision
making or action selection in the driving cockpit may also
be time critical. For example, the NHTSA guidelines have
recommended that tasks to be completed by the driver while
driving with glances away from the roadway of 2 seconds
or less [32]. In case of any time-critical safety concerns,

decisions and actions afforded by other modalities (e.g., voice
control, gesture control, and steering wheel control), as well as
solutions beyond notice and consent should also be considered
in the CAV contexts. Moreover, data collection and sharing
based on individual users’ consent will have consequences affecting other users inside and outside the CAVs. For example,
camera data shared by consented CAV drivers to facilitate
traffic management might be used to profile non-consented
pedestrians or other vehicles on the road.
IV. P RIVACY E NHANCING A PPROACHES
Privacy-enhancing technologies have been proposed to allow both data protection and data analytics in CAVs [5],
including privacy based on perturbation using Differential
Privacy (DP) [21]. DP has been emerged as the de facto
standard for data privacy in academic and industry. In DP, the
added random noise will protect the privacy of an individual
user but reduce the utility of the aggregated-level data.
On the one hand, CAVs pose a higher demand for other
privacy-enhancing technologies, such as secure multi-party
computation [25] and federated data analytics [37]. One unique
challenge is the real-time, large-volume data collection and
sharing. Existing multi-party computation and federated data
analytics are slow due to the requirements for privacy protection. To make these techniques more efficient, we need to use
efficient processors, enable high network communication, and
fine-tune in-vehicle operating system.
On the other hand, we should take a user-centered deployment [62] to ensure the success of those privacy-enhancing
approaches in CAVs. Specifically, privacy-enhancing technologies (e.g., DP) should be informed by the human factors of
privacy. For example, the privacy protection of DP comes at
the cost of data accuracy. In the CAV contexts, users may
have concerns about the negative influence on their safety and
refuse to accept it. Thus, when deploying DP, it is important
to be transparent on the utility cost, safety cost, and their
implications. Given the heterogeneous data collected in the
CAVs (e.g., driving and vehicle data, infotainment and comfort
data), different DP trust models and different noise levels
should be considered. For example, the privacy default could
be set at a reasonable protection level and acceptable tradeoffs
of privacy-utility and privacy-safety based on users’ expectations. If users have concerns about the trustworthiness of the
involving parties, local DP [20], [60] can be recommended.
Moreover, the time-critical safety concerns must be considered
when implementing DP in the CAV contexts. In other words,
the implementation of DP should have minimal impacts on
the safety-related performance of CAV users.
V. C ONCLUSION
We advocate that privacy challenges from CAV drivers and
passengers should be considered and proactively integrated
into the development and deployment of privacy protection
for CAVs. More frequent and better collaboration among
industry leaders, computer scientists, and social scientists will
be critical for usable privacy-enhancing technologies of CAVs.
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