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Abstract 

AI-generated content has important implications on creative work and potential consequences in society. 

The detection of AI-generated content has been intensively studied by the research community.   Prior 

research shows that curating datasets of AI-generated content requires significant efforts and can advance 

the development of detection methods.  Recently released AI content generation datasets focus on face 

images and are generated by state-of-the-art synthesis models, such as diffusion models.  In this study, we 

propose to extend existing AI-generated face datasets by incorporating recent results in image editing and 

image morphing in the latent space of diffusion models.  Furthermore, we quantify the quality of the 

newly generated data using widely adopted quality measures for generative models and for facial image 

quality assessment; we also evaluate the performance of a state-of-the-art fake image detection method on 

the generated datasets.  Our quantitative and qualitative results show that data generated by image editing 

and image morphing provide interesting additions to existing face forgery datasets. The generated data 

can be found at: https://github.com/fan-group/LatentFake.   
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